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MPNN embeddings are interpretable in 2-D
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. Conclusions

 Molecule represented as a graph (nodes & edges)

« "Messages” passed between neighboring atoms
to learn chemical environment

« Aggregate atom vectors to get molecule vector

« Use traditional neural network on property
regression problem
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« MPNN method produces accurate, generalizable
predictions of the peak absorption wavelength

« This method can be extended to predict other
optical properties of interest in molecular dye
design




